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Abstract

This thesisis focused on commercialization in microfinanc®articularly
on one of its possible negative impacthe missiordrift. Microfinance could be
described as a useful financial tool that makes it possible to provide banking
services, usually small loans and deposits, to rural poor people who live in places
where it is hard to access the traditional banking se@ommecialization of
microfinance institutions means that the MFIs seek for commercial ways of
funding. This usually happens when, for instance, some ofmiceofinance
NGOs transformsinto regulated commercial entity

Missiondrift is thena situation whenhie microfinance institutions (MFIs)
commercializeandabandorsome of their poorest clients in order to pursuit some
nonsocial goal such as sustainability or profitability. Therefore the MFIs drift
from their original missionwhich is usuallyto fight thepoverty.So far, there has
not been conducted a lot of research on this topiucthermore, aither the
microfinance expertagree with each otheboutthe existence of mission drift.
Therefore the main goal of this thesis is to closer inspect the mission drift on data
from the MIX database. To do this we have used the regression analysis,

combined withanalysis of historical performance of the observed MFIs.

Keywords

Microfinance, Microfinance institution, MFI.Commercialization, Mission drift,

Poverty, OLS model, regression
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Grameen bank. In other words the aim is to analyze the impac¢t of

commercialization and competition on microfinance institutions and on
customers and to inspect how they chathgemicrofinance sector.
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The major methods | expect tose are data processing and statistical

(econometrical) testing.
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Introduction

Fighting the poverty got aew dimension during the last thirty years. The
poor from low income countries are no longeriformly understood as nen
bankable clientsThe reason ofthis changein perceiving the poor lies in
microfinance. Microfinance institutien(MFIs), headedby the famous Grasen
Bank, brought new methods d@ihancing the poor and successfully overcame
several bottlenecks of servitigem such as the lack of collateral

The problem is that these microfinance institutions alone do not dispose
with enough funds teaturate the immense demand for such financial services for
the poor in low income countries. The reason for this lack of funds lies in the way
of funding microfinanceThese institutions usually do not have the access to
commercial ways of funding, i.ehey often hardly attract the commercial
investors who dispose with the necessary fuiltiss is one of the reasons why
some of the microfinance institutions decided to transform themselves into
regulated entities and started to attract commercial funelsthey began the
process of commercialization.

However there are many microfinance experts and practitioners, headed
by prof. Yunus of the Grameen Bank, who strongly disagree with the
commercialization of microfinance. They argue that this change mag brore
than just new possibilities of funding. The problditey see, lies in the concern
that these newly transformed institutions gdso a new goal besides the
commercial funthg - the sustainability (profitability)However reasonable this
new goalmay sound, the microfinance institutions were founded in order to fight
the poverty, i.e. to serve the poorest clients. Therefore ¢htics of
commercialization worryhat this original goal can be sometimes in conflict with
the new one (sustainability)yhe critics claim that possible impact of this conflict
is that the institutions shift from their original mission and focus on relatively less
poor customers. Thighift iscalled the Mission drift.

The goal of this thesis is to closer inspect the comimieation and to
analyze the mission drift on the latest available data.

The first chapter definesicrofinance describests history and evolution

in the last thirty yearandlooks atthe methods it uses. Moreover we will inspect
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some bottlenecks oderving the poor and show how thaye handledby the
microfinance methods. Finally we will look into importance of women for the
microfinance institutions in the first chapter.

Second chapter is devoted to commercialization of microfinance. We will
paticularly describe the ways of funding tiMFIs andthe transformation of
microfinance which ionnectedo it. Furthermore we will look at what attracts
the investors in microfinance. And last but not least we will inspectdhéict
bet ween mikstodandtibeccommercialization, i.e. the mission drift.

The last, third, chaptas the mainpart of this thesis. We wilbok at the
recent trads and development of several important factors related to the mission
drift and analyz them using simfe econometric model on the latest available
data.Our aim is to find eme evidence in the data that would prtive existence
of themission driftor that it does not constitute any threat for the poorest people

in the low income countries.
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1 General Overview of Microfinance

Microfinance could be desbed as auseful financialtool that makesit
possible to providdanking services, usually small loans and deposits, to rural
poor peopd who live in placesvhere it is hard to access the traditional banking
sectorAccording to ArmendS8riz & Morduch (201
between 1 and 2 billion people lacking accessuch (&en elementanyformal
financial services. Therefore we can broadldefine microfinance simply as
financial services for the padrSo what makes it different from other financial
services for the poor? The answer is that microfinance demonstrated that even the
poorest people can be reliable clients of banks.

Microfinance institutiond MFIs) provide mostly small short term loans with
regular high fregency repayment schedulesthout typical form of collateral
The clientsof MFIs are mostly from the poorest part of population and they
usually seek for credit in order to set up a small business of their own.

This chapteibeginswith brief history andevolutionof microfinance in the
last thirty yearsthen itshows some of the rtteods and approachése MFIs are
usingand finallyit focuses ortheimportance of women clients forienofinance

and vice versa

1.1 Brief History and Evolution

The origirs of microfinanceare connectedwith Professor Muhammad
Yunus, the founder and formelirector of the Grameen Bank of Bangladesh.
Mr. Yunus and the bank wereery influential for the development of
microfinance so we firstly focus on this bank before we describe the global

microfinance development.

!Gonzale a Rosenberg,vAThé)uStaaehofPMbt'roiabhiaht:gz.l and
2Cull, DemirgueKunt,aMordi c h, AMi crof i nance meets the marketf,
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1.2 Origins of Microfinance i the Grameen Bank

AThe Grameen Bank, long the flagship of the microfinance movement, has
consistently been upheld as a pinnacle of stability, -sdffciency, and
effectiveness in using microfinance as a tool for lifting households from poverty.
(McIntosh amd Wydick20043

The Grameen Bank igioneering institution of Microfinance anits
founder,prof. Yunus was awarded the Nobel Peace Prize in 200éwill now
take a closelook atit in order to makehe importance of this institution and its
impact o other MFIsclearer.

In 2009 the Grameen Bank t&,4million clients and there is no doubt
that it has positively influenced great number of lives of the .pBat more
importantly it had a great impact operception of theoverty reduction and
shapeof the microfinancé

The history of Grameen Bardatesback tothe 1970s wherMr.Yunus
returned to Bangladesdtfter finishing his studies ithe USA. He was concerned
about the situation of poor people in the country and developed a plan of
systematic lendinghf amountsabout $10 or $20, to poor men and wortiggre
It took him some timeof improving but he finally developed a model that
worked. Huilme (2008)describes thatr.Yunus based hi Gr a nredebon
the following points He waslending to rural poor women who were organized
into groups, consisting of five memberghere all members hagsponsibility
for the loans ofeach other Furthernore, in compare to the government
institution and NGOs providing loanke charged higher interest rates, forcing
his clients tomake compulsory savings (called microsavings) every kvee
general, hefocusedon simple, standardizedoroductswhich required regular,
small repayment3.Here we can find the origins of the commonly used
principles in microfinance such aset already mentioned small siaad group

based loans.

*Mclntosh a
“Hul me, AThe
5 Ibid.

kl
y of the Grameen Bankf, p. 3.
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As the Bank was growing in 1980s it neededrenfunds. The solution
for next ten years ws in donor support. &ticularly in the iiGrameen Bank
Donor Consortiumi, which was financed mostly from fagm aid agencies in
BangladesH.

The Grameen Bank kept on growing ahdeached over million clients
by 1999.But what is more importd - the Grameen Bank model has started
being internationally replicated during the 1980s Firstly through the bank
management visits abrodout latertherewere estdlished regular programmes
for replicators’ This trend holds until today although themee some other
similar programmes for replicatorBut the Gameen bank model is still the
most frequently used one when some of the MFIs intend to extend their services

to the microfinancé.

To get thewhole picture of Grameen Bankye must remark herenat it
went through a crisis and faced some serious ismtian 2000 which led to
reshapingp f t h e rategy@randesn ks anew fiprogrand calledGrameen
[I. This newfiprogrand has put Grameen Bank back on track @ndas able to
attract 2,5 million new customers, double its loan portfolio and triple the
deposits it held in only three years, resultingsteep increase of profits from
aboutUSD 1 millionin 2002 to incredible USD 7 million in 2005.

We will now leare the Grameen Bank and focus on thebal

development of microfinance.

1.3 Microfinance Evolution

In 1970s, it was commonly believed tls&#rving the poor in lovincome
countries means to put extensive subsidies into the financial institutions

providing thee services’ These subsidized institution were usually

®’Hul me, AThe Story of the Grameen Bankf, p.5.

" bid., p. 6.

! Komer a,sidmr ofi Microfinance Servicesfi, p. 3.

Hul me, fAThe Story Haufl mehe AGhamese mr Bdmpk pd h8. Gr ameen
YCull, DemirgueKunt , a Morduch, AMicrofinance meets the m:
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government banks/hich focused on farmer€ull et al. (2008) describeghat
most o fé tshramgbanksfivere driven by political imperatives, and so
they charged interest rates well below mankges and even then collected loan
repayments only hatieartedlyd™ Thelowe f f i ci ency together wi't
focus onlending solely to farmers whose businesbas a riskynature caused
that these institution were inefficient, costly and mogtortantly ineffective in
reaching the pooimportant change came in 19808he change lied ishift of
the MFIs focus from farmert urban (or village) people who were usually
having smalktores, making handicrafts, éfc

There were three important consequences of this shift. fiesfi € n 0 n
farm businesses tend to be less vulnerable to the vagaries of weather and crop
prices, and they can generate income on a fairly steady &&s&econd that
the default rates of thep MFIs substantially declined to less than ¥%And
the mostimportant third consequengewvas that tis shift meant not only a
change in the focus of MFIs business fauthermore it helped tovercane the
false assumption thaerving the poor must bénays heavily subsidizetf.

Thelastist epo in the evolution of microfin
A simpleway howto describe the process of commercializatigraczording to
one of its definitionsthat an MFI look for commercial ways of funding in order
to finance its functioningThat change is often a result of transformation of the
MFIs. Thiswhole thesisi§ ocused on t hi ®of micrafimancer ci al p h
so we will get back to it in a more detailed way iagter two.

1.4 Serving extremely poor clients T bottlenecks and
methods to overcome them

Many of the MFIE clients in low income countries are small
entrepreneurs. There is a paradoxsérving such small entrepreneunslow
income countriegelated to one of thelementarydlawso in economicsi the

principle of diminishing returns to capitalhis principleis derived from the

“Hul me, AThe Story of the Grameen BankfA, p. 4.

2cull, DemirgueKunt , and Morduch, AMi crofinance meets the
" Ibid.

1 bid.

'3 bid.
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assumption of concavity of production function andbdésicaly says that
entrepreneurs who hawaly little capitalshould be earning higher returns from
their investments in compare to entrepreneurs wsidgimificantly more capital.
fiPoorer enterprises should thus be able to pay banks higher interest rates than
richer enterprises. Money should flow from rich depositds poor

216

entrepreneursr We can put this situation graphically:

FIGURE 1.1

V\

Marginal return
for richer entrepreneur

Output

Marginal return
for poorer entrepreneur

Capital

Sour ce: Ar mend8riz and

In other words according to this principleit is surprising that the
commercial banks in low income countries do not pay a latttehtion to such
poorer entrepreneurs seeking for credit.

The following subheds focus on explaining why thippens.

1.4.1 Bottlenecks

This part of the thesis describes main problems with lending to extremely
poor peoplen low income countriesviost of the following problems are related
to lack of information about borrowers and lackihiére isany, of collateral
suchborrowers can offefThere are two main bottlenecks that MFIs face when

lending to its clients.

*Ar mend§r i z The Ecbhmmics ofdMicrofinancp. 6.
21
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The first one ismoral hazard The problem here is that the lendan,
MFI, is usually unable to sufficiently evaluatéhether thechoicesborrower
makedeadsafelyto servethe purposé¢he borrower neededredit for. Imagine a
borrowerwho, Aon his wayo t o <rediforechobsBt® pur pose
make riskier decisions than he claimed to the M¥laresult, his probabilityf
defaultingincreasesand thus he should be charged with higher interest rate but
the MFI does not know about this change therefore it cannot changehle
sufficient interest rateConsequenproblem is thathe possibility for MFIto
collect collateral, in case of defaultremainsunchanged(i.e. usually rather
small) Thusthe borrower who cannot offer sufficient or any collateral, when

lending cred, does not face full consequences of his asttén

The second bottleneck &lverse selectionThis problem is caused by
lack of MFIs information abouthe borrowers and their projects. Therefore it
cannot properly evaluate the risks and aléstinguish riskaverse borrowers
from the riskseeking ones. Ti& situationresults in setting ree level of interests
rates forall borrowers which is often excessively higtherefore the safer, risk
averse borrowers crossibsidize the riskseeking bowwers:® If this happens,
the exceedingly high interest rates might thdiecourage more riskverse
borrowers, i.e. usually the ones most desirable for MFds) taking loansand
the bankds client portfolio becomes more ¢

In generalit is hard forthe MFIs to determine the right level of interest
rateswith respect to risk it is facing from its cliertecausdif the bank raises
its interest rates as a responte perceived risks, it may end up exacerbating

incentive problems to suehdegree that profits fall rather than rig&’

Talking about the intest rates, it could bmteresting to mentiotheir
level in the real worldand look at how high these interest rates usuallyirare
compare tothe MFIs6 main substituteg the loan sharksDieckmann (2008)
found thatloan sharkswho often operate in the same regions as MéHarge
up to 1000% p.awhich is several times more thaWFIls who chargei on | y 0

" Based on: Ibid., p. 58.
8 1bid., p. 41.
9 bid., p. 58.
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between 15% and 70% galt might still seem to beery costly for borrowers

to lend from MFIs but it is not easy to lower the interest rates because
administrative cost consummap to two thirds of the interest revenues and there

is often also need for quite high risk provisidh®leverthelessthere aresome

efforts to lower the interest ratebut they often point the wrongauseas
described in thdollowing quotationfrom Paul (2010 Usiry laws and other
methods of setting interest rate ceilings have been popular in MFI host
countries. Unfortunatelyinterest rate ceilings set by host country governments
strike at the symptom, and not the cause of the problem, because they do not
address the operating costs that are the source of high interestfates.

Both of the previously mentioned bottleneckise moral hazard and

adverse selection, are related to lackafateral(or insufficient collateral)

There is one more important particularity in serving poor clianisw
income countries. It ighe size of loansand the frequency of repayment

schedules Figure 1.2 shows average loan in different regions in 2006.

FIGURE 1.2

Average loan siz€006)
2000

1597

1500

@ 1000

3 678 -~
o L mmm | —

Asia MENA Latin Africa Eastern World
America and Europe and
Caribean Central Asia

Source:Own calculation on data fromhhe MIX andieckmann (2008),
Deutsche Bank Research

“Dji eckmann, AMicrofinancedf, p. 1.
Zlbid., p. 1, 2.
2paul, ABridging the Gap to the Microfinance
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To get a better picture abotlte loans in low income countriegye can
look at the figure 1.3 that showlsat majority of borrower§63%) live in South
Asia and Africa, so that the average loan is on average usually less than USD
270.

FIGURE 1.3

Borrowers per region
(Based on sample of 78,9 m)
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m East Asia and Pacific
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m Sub-Saharan Africa

Source: Adapted from Dieckmann (20Bgutsche Bank Research

FIGURE 1.4

Average loan size in South Asia, MENA and Africa,

2006
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Source:Adapted fronDieckmann (2008Deutsche Bank Research

So what are the costs of such loafts®as already mentioned thtte
MFIl s charge quite high intereshutup i n compa

to two-thirds of the interésrevenuecover theadministrative costdMloreover, f
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we take a look orthe data from 2006 provided by The MIX, including®
MFIs, wefind outthat the cost per borroweras on average USD 1%37So we
haveaveragecosts per borrower of USD 137 in compardX8D 151 as 70 %
interest* p.a.charged on thaverage loan of USD 21&ut if, in this casethe
interest would be lower than 63,4%, the loan becomes loss making.

We will now focus on MFIs efforts to overcomestie problems.

1.4.2 MFIs methods

The solution to theawo main bottlenecks mentioned above, moral hazard
and adverse selectiomould be in overcoming the typical lack or absence of
collateral (in case of poor borrowers in kimcome countries}>

So what arghe innovative methods that make microfinance so powerful

tool? And are they able to overcome the above mentioned bottléhecks

The methods it uses have bemostly developed dring the last thirty

years We will now closer describe the most influentiades of them.

The most important improwveent is the group lendingwith joint
responsibility The MFIs do not take the typical forms of collateral from the
borrowers?® It is obvious that every bank nesdome kind of insurance that
prevents borrowers from paying back less or none of the Iddres.group
|l ending provides such R&romdhe siahdpdint af sur anceo
economic theory, the grodpe ndi ng contract addresses t

imperkections that cause moral hazard and adverse selecifon

So how does it work? MFIs do not lend to an individual usuallyto a

group of five to twenty people. The loans are small and at first only one member

% MFIs from East Asia nad Pacific, Eastern Europe and Central Asia, Latin America and the

Caribean were excluded .

“I'nterest rate obtained from Di ehargerbawesn 1592 008) as
and 70% p.a 0 .

“Ar mend§&r i zTha Ecmmics ofdicrofinancp. 58.

®Di eckmann, AMicrofinanced, p. 4.

“Ar mend§r i z The Echrmmick ofdicrofinancp. 128.
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of the group gets the loan. Thahthe first borrowerdoes not default, the MFI

extend the credit to additional members of the gré8ipMembers of the group

guarantee for each other, so that if one member faces a problem with repaying,

the others must help him or in an extreme case to repayhtble installment for

him.irThi s procedure creates an incentive for

behavior and to ensure borrower disciplie The whole situation is depicted

on figure 1.5.

The success or failure of the first group is then sometimesat for the
rest of potenti al borrowers |living in the
|l eave the area in case ofitigihpertadtfor st group

the borrowers to have a good repayment history because the MFIs often value
reliable clients anahext time,these clientseed creditthey offer them agreater
amount of it Numerically, the first loan can get about USD 100 but the
following loans can bevenseveraltimes highey if the borrower proves to be
reliable® In other wods, the MFI desnot need a lot of information about its
borrowers ashe groupending enablesii é t o transfer (in whole
customers the responsibility for jobs usually undertaken by lenders. These jobs
include screening potential customenspnitoring their efforts, and enforcing
contracts %
Armend8riz a Morduch (2010) mention an
to group lendingi the borrowers are expected not to lack good information
about each otherif they would lack such information, it would be better for the
MFIs to use other type of contracts as there would be no advantage in using the

group lending.

Repayment scheduis anotherkey factor in microfinancerhe schedule
is important as it hejpthe MFIB scustomers to manage caslows and
consequently it allows the MFI to get to i
spend themTo be more specific, the repayment frequency is usually once a

week or once a month. The reason for thiguite freqient collection of

“DieckmannAMi crofi nanced, p. 4.
29 :
Ibid.
%0 bid.
3 Ar mend§r i z The Echrmmics ofdicrofinancp. 128.
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installments is to allow the borrowers repay their loans in manageable bids, i.e.

to divide the installmentgnto small pieces so that they aréearablefor the

clients Moreover, these bids should be smaibughto enable the clientepay

them from other funds than revenues from the given investment pfoject
But the weekly/monthly meetings between the group members and the

MFI have another feature as they allow the Bifeli € moni t or t he repay

status of each debtor publicly, whidncreases the transparency within the

groupo® Dieckmann (2008¥urther explainsthat this minimizes the costsf

screening the debts and creates a pressure inside the group which supports the

membersd incentives t% monitor each other ¢
It is interesting to mention the possibility of group formed by relatives

which makes even greater pressure not to fail as it would mean not only struggle

with the MFI but more importantly it could jeopardy the relations among the

group members (relatives).

FIGURE 1.5: GROUP LENDING

Loans Debt

service
I Group of micro-

v
S _ e ®
-

Joint
liability

Source:Adapted fronDieckmann (2008)Deutsche Bank Research

*21pid., p. 161. §
®¥Di eckmann, AMi crofinancehn, p. 4 .
3 Ibid.
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On the other hand, the risks and mainly the costs of theljaimlity fall mostly
on the riskaverse members of the group as they are the ones who will probab

in case of problem, subsidize their Hs&eking partners.

Finally, women play an important role in microfinantcbus we will
focus on them in the last subhead of this chapter.

1.5 Women participation among clients

It might be surprisingact, but women form most of the microfinance
clients. For example, in the casetloé Grameen Bank women represent 97% of
t he b an k Glsballg atithe erd of 20Q09women formed81.®%6 (i.e.
104,694,115) of the pooresiicrofinanceclients® If we take dook at figure 1.5
we can see that there has been an enormous increase of the women borrowers
between 1999 and 2009.

FIGURE 1.6
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REPORT 2011
®Gi n® et al ., AMi crofinance gamesid, p. 4.
®*Red, ASTATE OF THE MI CROCREDIT SUMMI T CAMPAI GN
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Reed (2011) founthat the increase in women borrowers was from 10,3
million in 1999 to 104,7 million in 2009 which means an incredible 919 %
increase in ten years and 94,4 million new women clints.
So what makes womepreferred clientsDieckmann (2008)explains
that women are usually more reliabistomersbecause they have stronger
social and family ties, i.e. their investment strategy is often more conservative
and thus less risky for the MESAr mend&8ri z a Mdsambthech (2010)
reasonable argumepointing ait that70 % of the poor peopl&in the world are
women.
Thereforeit is not that surprisinghat some institutions (mostly some
NGOs) fows exclusively on serving women
Furthermore,it appears thaté wdme nmaarne baloskcer
c hi | dheaitm andeducation( é ) [, S 0] t hat enhancing ¢
women can be good for both efficiency and intrahousehold eitfity
The last argument faviFIs to prefewomen borrowers ithat the cost of
monitoring them are often relatively lower duwetheir family ties which limit
their mobility**
We will get back to this topic in chapter twehere we will inspect

impacst of commercialization on Mlis client portfolio.

The followingsecondchapter focus on commercialization and how (if) it

reshapes th®IFIs goals and methods to achieve them.

37 bid., p. 45.

¥pi eckmann, AMicrofinancefi, p. 5.
%9 Approximately 900 mil. people

““Ar mend§r i zThe Echhmmics ofditrofinancp. 233.

““Di eckmann, AMicrofinanced, p. 4.
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2 Commercialization of Microfinance

More and more investors are getting
responsi bl e i nTheddféereneerbetvgeén cgnmmnBreiad gnd social
responsible investment is the presence of double bottom line in case of the
SRI. This simplymeansthat the SRIs aralsomotivated by thdinancial return
but besides that they also consider social consegs&tiThis iswhy we refer to
the double bottomlnvesting tomicrofinance belongs to SRI by its definition.

When we look at the data between 1995 and 2@8p@icted infigures 2.1and
2.2, we will see a sharp changeS$iRIdevelopment.
FIGURE 2.1
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FIGURE 2.2
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2 Sometimes also ethical and environmental consequences
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Numerically,the US SRIs grew by 258% between 1995 and 2005 and by
34% between 2005 and 2010. The European SRIs were increasing even faster
because they have more than quadrupled between 2006 and 2006r Blit f
that there is still large demantbr financial servicedeft unsaturatedlt is
estimated that there is from 40% to 80% of populatwthout access to formal
sector financial services in most of the poor counfriebhe reason | have
mentioned these nurals here is that it is estimat#uat the MFIs lack about
USD 30 bilion a year in order toat least partiallyfill this gap Thus some
researches think that capital marketsallowed to developcould provide this
funds* In simple words, the capitaharkets are becoming are and more
important for MFIs*® The question isHow will the MFIs reach the capital
marketsor other commercial ways of fumd)? The answer might b&hrough

the commercializatiog

2.1 Commercialization

What is commercializationThere areseveraldefinitions of this term.
Simple one is that management of aMFI embracesmarket basedusiness
principles But this is a very wide definition. More specific one is thag a n
institution is seeking to operate using commercial sourdermfing (i.e. with no
direct or indir é&cThis is indwswedwill usderstaneé nt ) o
commercialization in this thesis.

There are amany various types of theMFlIs in different stages of
commercializationSome of them are regulated and financiallytanable, for
example the microfinance banks, and some of thesheavily dependent on
subsidiesMeehan (2004) divided the MFIs according to commercializad®n

depicted on figure 2.3

“Ar mend§8r i z Tha Echtmmics ofdMicrofinancp. 241.
44 114

Ibid.
“5We must note here, based on Meehan (2004), that the financial markets are not afeolalion
MFIs but rather for the leading ones and it neither is a dbort solution. For more detailed
information see Meehan (2004).
““Ar mend§r i zThe Echhmmics ofdicrofinancp. 242.
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FIGURE 2.3

Types of MFls according to commercialization
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100°)
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Source: Meehan (2004), p. 7

It is obvious that thénstitutions in the first two tiers, marked as formal
institutions, are more attractive foommercialinvestors.To be more specific,
the first tier consistof the top, mostly regulated, MFIs. Second tier coagibt
younger MFIs which are often ithe process of transformation into regulated
MFIs. Third tier is made up mainlpy NGOs which often lack access to
sufficient funding. The last, fourth tier consistof institutiors which are not
focused mainly on microfinanc&here is one more thingpparentfrom the
figure 23. 1 it appearsthat there isa positive correlation between
commercialization and profitabilityStrictly speaking, only about 2%f the
MFIs are sustainable andble to make some profiOne might object that
profitability is notand should not be the maimwbjective of the MFIs. But the
point is thatthis proves that it ipossible for some MFIs to serve the poorest
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people on this planet and make some profit at the same Nieverthelesshis
connection between commercialization andfiprmauses a lot of disagreement
among microfinance experts. Some of them fear that commercialization may
lead tothe shift from the poorest clients in order to achieve greater sustainability
and higher profit. This shift is calleithe mission drift. We will closer inspect

this phenomenoat the end of this chapter aimdthe nextchapter

It was already mentioned that commercializatiobysdefinition related

to the MFIs funding. So what are tpessibilitiesof the MFIs funding?

2.2 Funding of the MFIs

There are number of funding possibilities for the MFIs. Adrian Gonzales,
a researcher from The MIXxaminedfunding of microfinancausing the latest
data from The MIX databas@&mong other things, he made a classification of
the funder® profiles Based a his classification, funders were divided to five
categories, i.e. Development financial institution (DFI), Government, Financial
institution, Fund and othefd.The classification well describes the individual
fundersprofiles thuswe will use it in thigext. We can take aloserlook atthese

categoriesn box 2.1.

BOX 2.1

Classification of MFI Funders

DFIl: Development Financial Institution - A financial institution owned by foreign
government(s) that raises private capital to finance eptsj with development objectives.

Examples include Asian Development Bank or IFC.

Government
9 Bi/Multilateral: A bilateral or multilateral aid agency owned by foreign governments,|like
Agencia Espafola de Cooperaci - n Intematienelnaci onal

Development.

“Gonzalez, AMicsoPiofhinkes®unde
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Financial Institution

il

Fund

f

Development ProgramA foreign government program or other public program W
development objectives. Examples include FONDES$IMBolivia, National Livelihood
Support Fund Philippines, or Social Security Corporatiedordan.

GovernmentA national administration, department, or agency of any sovereign nation.
cases involve the local ministry of economy or finance.

Central Bank A domestic central bank.

Commercial BankA bank or other regulatefinancial institution where private entities are

majority shareholders. Some examples of wwrtial banks considered include: AB
AMRO, AXIS Bank, Citibank, or HSBC.

Cooperative A financial institution owned by its members, not external shareholders.
Pulblic Bank A bank or other regulated financial institution where the national governm
a majority shareholder. Examples include the Republic of Srpska InvedDeealbopment

Bank and State Bank of Mauritius.

Blended ValueA fund that offers bele-market returns to sociaMfpcused investors an
provides a mix of debt and equity finance to MFIs. These funds are generally manal
nonprofit organizations.

Commercial Fixed IncomeA fund that seeks a close to money market return from f
incomeinvestments. Examples include Minlam Mifirance Fund and Deutsche Bank Sta
up Fund.

Holding CompanyA company that provides mainly equity finance and technical assis
to startup microfinance banks. It usually holds a predominant stake inviestiees and i
generally accessible by private invitation only. The most common holding in the samp
ProCredit Holding AG.

Mutual Fund A fund that seeks a close to money market return primarily from fixed ing
investments. Mutual funds publish thBIAV on a monthly basis and are regulated by ma
authorities (undertakings for collective investment regulations). Examples include
Microcredit Fund and responsAbility Global Microfinance Fund.

NGO/Foundation FundA fund managed by a nonprofir foundation that specifically
targets MFI investments. Examples include Oikocredit Nederland Fonds and |
Microfund.
Private Equity A fund that provides mainly equity finance and seeks a market return
long time horizon. Most private equityrfds are driven by commercial organizations wit
strong development emphasis. For example: MicroVentures and Shorecap Internationg
Structured MF VehicteA fund that offers microfinance investors a range of asaeked

securities with different risand return profiles. These are generally classified as CDOS
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MFIs). Examples include BlueOrchard Microfinance Securities | and Microfinance Securities
XXEB.

Other

9 Corporation A registered legal entity. In the case of this survey, corporations do not include
governments, non profits, funds or financial institutions.
Individual: A person or persons.

NGO/Foundation A nonprofit corporation or other nonpro&ntity. Common names in this

category include ECLOF, Friends of WWB, and Grameen Foundation.

Source:Adapted fronGonzales (2014)

We can see that the variety of funders is quite rich, consisting of both
public and private investors same as of comnaéand norcommercial funders
(e.g. dmors) The most advanced way of funding MFIs is probably the
Structured MF Vehicle (MIV)There are more types of the MIVs but they all
rely mainly onthe provision of debt finance tdFIs and the ten largest MIVs
sene about 67% of the markét

Gonzales (2014 wasparticularlyexamining he possibilities of funding
new startup MFIs. Doing this, he found that the financial resources are quite
unequally distributedetween the MFIs he was inspecting. Strictly speakieg
found that about 10% of the observed MFIs receive roughly 76%llof
microfinancefunding*°So what are the determining factors for M reach

the funding it needs?

Therearemore points of view on the options of financing the MFIs have.
We will look at two of them. The first one is frolbeehan (2004)who arranged
MFIs according to their stage obrmmercialization (see figure 3.and type of
financing they can reach at the particular level of developnidm. types of
financing are dividd into public, internal and private. The private financing
consist obviously of the most commercial ways of fundig. can take a look

at this sorting in table 2.1.

“Di eckmann, AMicrofinancef, p. 5.
“Gonzalez, AMicrofinance Funders Profilesd, p.
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TABLE 2.1

Tier 4 Tier 3 Tier 2 Tier 1
Type of Financing Start- Break- Profitable Commercial
up Even Return
NGO NGO NGO FI NGO FI
Public Financing (Donors, Apex,
Foundations)
Grants X X X X X X
Below-Market
S X X X X X X
Guarantees/ X X X X X
Internal
Compulsor
Savi:gs 4 X X X X X X
Voluntary Savings X X
Retained Earnings X X X X
Private
a) Debt
Commercial Loans X X X X
Guarantee Funds X X X X
Bonds X X
Securitization X X
Inter-bank
Borrowings X
b uask
) Squity X X X X X
c) Equity
Socially
Responsible Equity % X
Commercial Equity X X

Note: FI stands for financial institution and refers to any kind of licensed or
legally recognized structure.
Source: Adapteffom Meehan (2004)

The table clearly shows that the stage of commercialization matters when

the MFIs look for fundingoecause the more commercialized MFIs have greater
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choice of funding sourcesTherefore we can say that there is a positive

correlation between the commercialization and number of funding possibilities.

The inequality in funding is not only between th@dyg of the MFIs,

based on the level of commercialization, but also between regions the MFIs are

operating in.-Thi s fAgeographico inequality 1is
when we look at Africa and Asiawhich are home of about 93% of theo r | d 6 s
poorestfamilies, we will see that the MFIs in these regsaecive 20% or less

of all thefunds, i.e. disproportionatglless than MFIs in other regioRs.

The second point of view on financing possibilities is fr@anzales
(2010, who went evendeeperwith his analysis and tried to inspect relation
between several important indicatdre. the assets, deposit mobilization, age of
the MFI, profitability and portfolio qualityand theforms of funding of the
MFIs and created probable scenarios of thetcmabetweenthe MFIs and
funders We can take a | ook at these fAmatch
TABLE 2.2

Mapping of Most Likely Funder Match According to MFI Characteristics
Deposit
Assets Mobilization Age Profitability | Portfolio Quality Funders
Med. Low Cooperatives
New
No High Med. Development Program
Small Low Corporation/Individual
Med. Low
Med. NGO Foundation
Yes Mature Med. Med. Government
Low Best Private Equity
New
No Med. Low ComBanks/NBFls
Me- Med Low. Med. Blended Value Funds
ed.
dium Med. Best NGO Funds
Low Public Banks
Yes Mature Med.
Med. DFls
Commercial Fixed Income
Med. High Best
No Mutual Funds
Large Mature High Med. Structure MFVehicles
» Med. 8 Best Central Banks
= Mature Med. Low Bi/Multilaterals

Source: Gonzales (20&p p. 8

0By Asia is meant the whole Asia except the Central Asia
financi al, notmaBy é&thert regiofssmeanti cr of i nar
particularly Latin America, Centralgla and Eastern Europe

"Meehan,

ATapping
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Therefore Gonzales (2040 found that theforeign or more mainstream
financial players, usually representing the more commeacidlsophisticatediays of
funding, are much more likely to fund largemnd (or) more maturBFls. On the other
hand the smaller MFIs often use local furedehich are usudy} situated close to the
MFIs and thus have the best knowledge ofifié There is oneelsevery important
conclusion Gonzales (2080came to, b found that the funders react quite flexibly and
that with even slight improvements in size, age, or profitatyil grows quickly the
choiceof potential funds®

Thus to concludethe two poing of view, we can see that the best choice of
funders is usually privilege of the larger, more mature andften also more

commercialized MFls.

When we take a look at thmumbers, we will see that the estimate of overall
market demand for microfinance servieess USD275billion, while the market supply
was only about USR5 billion in 2006.>* Thus he question is how to fill this hugéSD
250 billion gap?Based on the findgs abovethe possible answer could be: Through
the commercialization which couldffer the MFIsmuch greater range of potential
funds Therefore another question is how totradt the potential investorso
microfinanceand more importantlywhy shouldtheseinvestorsput their money into

microfinance?

2.3 What attracts the investors to the microfinance

Before we begirninspectinginvestor$ motivation to invest to MFIs, we
should ask whether it actually happens, i.e. does microfinance gtosv&nswer
is simple:Yes, it doesTo be more specific, irofinance grow really fast Thus
there are even concerns whether it does not grow todasinstance the MFls
reporting tothe MIX market experienced on average 21% increase in number of
borrowers per year and their loan gréw 34% annually between 2003 and
2008>° The concerns about the speed of growth are mostly assoeiéted
portfolio quality of the MFIsBut Gonzales (2010bfound tha theseconcerns

Gonzalez, AMicrofinance Funders Profilesi,

53 (1A

Ibid.

“Di eckmann, AMicrofinanced, p. 10.

®“Gonzalez, Als Microfinance Growing Too Fast?f,

38
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arerelevant only in a few cases of rather extremely high speed of gaovath
that there is still space for most of the MFls to gréw.

So what attracts the investors to microfinandéé@echan (2004) quite
thoroughly inspected theévestoré motivationto invest to MFIs. Therefore we

will now look closer at her findings the following sulchgpters

2.3.1 What is microfinance like as an investment opportunity?

There are not many characterization of microfinance as investment
opportunty. Meehan (2004) wrote a fibrief qualitative characterization of
microfinance® in 2004 There is surely space for a much deeper characterization
of microfinance as an investment opportunity buttid not what we are
focusingonint hi s t ext, so that t edficieMef@hanods ¢ he
getting the picture of the microfinancérom t h e | n peespgettiverTised
characterization describes microfinance in four poiiis. can take a look at it
in box 2.2.

BOX 2.2

Brief qualitative characterization of microfinance

1 Investor Category: Microfinance is primarily an emerging market opportunity.
Within the emerging markets, it represents a-sedtor of smalkized financial

institutions.

1 Industry Profile: Microfinance forthe poor is a higlgrowth, niche industry with
tremendous opportunity for future growth and product innovation. Competition is
currently limited or norexistent in most markets, particularly in Asia and Africa,
creating a unique sherérm growth opportuty for microfinance service providers
tocapitalize on the industrydés atibrlactive re

year documented track record of strong asset quality globally, better than|other

=

financial assetlasses, with povertfocused instittions performing strongly. Ove

* |bid., p. 15, note: Gonzales féund paermbcuwlfarpgr ttfhodti o
deterioration, MFIs have more room to grow expansively (by adding more branches) than locally
(by adding more boowers to the same brancheB).
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the last five yeard) wi nner so0 have begun to emerge from
marketplace, settingtandards for best practice.

Y Attractive Risk-Return Profile: AiMi crofinance debt of fers a
monetary inst r ument s (an esti mated addjitional 1

Systematic, or marketisk, is mitigated by lower volatility than traditional

emerging market equities or bonaisd weak correlation to political, economic

4%
o

climatic events. Specific, or comparisk, is mitigated by high solvency, back

by high quality portfolios with strondiversity.

Y Double Bottom Line: Microfinance not only offers an attractive financial risk
return profile, it also offers a significant social return. Microfinance is Wide
recognized as onaf the most effective poverty reduction tools. While this may|not
be a primaryconsideration for all commercial investors, it will remain important
for SRIs.

Source: Alapted from Meehan (2004)

Therefore,microfinance is an emerging market opportunity with great
potential to grow Moreover,the MFIs faceweak competition and thegften
have high quality portfolios, offering attractive risk/return profile. Last rimit
least the MFIs exist to fight the pawetherefore it is important for the SRIs.

2.3.2 Pros and cons of investing to microfinance

There might be written a whole paper analyzing the pros and cons of
investing to microfinance. Therefore we wikt briefly mention only several of

them.

2.3.2.1 Why to invest in microfinance?

From the investospoint of view, microfinance can be a great tool for
portfolio risk diversification.The reasorof it is based on several studies which

examined the corration between the MFIs and the glob@rketsFor instane
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Krauss and Walter (2008) foumw statistically significant relationship between

the MFIs, they observed, and the global marketmother evidence of this trait

of MFIs could be found in the recent financial crisis in 2008. On average the

MFIs did not &perience any substantial padfio losses at the time of the 2008

worldwide financial crisiS® Moreover the comparison of MFIs and other

institutions and banks fér ohm gthhley esmegrngifnigc al

less sensitivity with global capitaharkets in terms of income and assets.

Therefore investing into MFIs could be helpful in diversifying the risks

connected to Aglobal marketo part of the i
On the other handhé MFIs might be quite resistant to the global

markets butthis does not hold for the domestic markets. Krauss and Walter

(2008) found high correlation between the GDP of 8FI d ome st i ¢ country

several importantndicators of the MR ®erformancé® Thus the origins of

MFIs alsoplay an important role inthe nvest orsé selection of

invest.

Among other reasons in favor of investing to microfinance is of course
the social mission of MFIs. Neverthelass realizethat this is hardly the main
reason for a typicalprofit maximizing investor to put hismoney into

microfinanceBut there are still the SRIs.

The last argument for investing to microfinanee will mention in this
text, isthe quite high profit rates in case of soofehe MFIs. By some of the
MFIs we mean the top MFIs, i.e. the most deped, whose profit rates are high
enough to have a chance to attract even the regular profit maximizing investors.

That means that the rest of the MFIs with lower profit rates must rely on social

investors’

Wal ter a Krauss, ACan Microfi2dhance Reduce Portfol
®Gonzalez, Als Microfinance Growing Too Fast?f, p.
YWal ter a Kr awmsaan,ceA®aerduMiec rPofrit folio Volatility?#,
60 [

Ibid.

®LCull, DemirgueKunt , a Morduch, AMicrofinance meets the m:
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2.3.2.2 Why NOT to invest in microfinance?

Meehan (2004) created a list of top 10 reasons why the commercial
investors should not invest in microfinand®e will not quote them all in this

text but there are at least three definitely worth mentioning.

First one appliesnly to the few MFIs which have atradyissued shares
The problem for investors here is that the MFI shares are usually hard, or
impossible, to tradé in a liquid marketMoreover this nostradability of MFI
shares makes them hard to efficiently price and thus to report the net asset value
of investments on a regular ba&iOne would think that this might discourage
most of the potential investors. But the opposite is actually Triae.IPO was
usually very successful and the issue was often-smescribed, for instance in

case of Banco @npartamoshirteentimes.

Second reason is related to the type of the MFI investments. The problem
is that the typical asset investment strategies are often incompatible with them.
Meehan (2004) giveasan exampleghat MFIswill probably form only amall
part of an asset manager 6s portfoli o, S

portfolio is rather limited?

Last reason we will mention in this text is related to the difference
between the asset managers and the creators of the socsinertecriterions.
The problem is that thoseho are responsible for investments in some investing
companyor institutionare usuallynot paid for meeting the social critens, so
that they have only limitethcentive toregard them when creating investrhe
strategies.And the situation is even more complicated because the MFIs
professionals often do not speak the same language as the asset managers which
results in difficult establishing of the values of MFI investmé&nts.

62 Except for several MFIs which are highly commercialized anit 8teres are listed a regular

stock exchange 5

®Meehan, ATapping finamceém| mparkets for microfin
% bid.

% |bid.
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2.4 How can an MFI become commercialized

In this sub chapter, we will look closer at MFIs transformat@ynMFIs
transformation is usuallyneantthe transformation of microfinanceNGO into
regulatedcommercial entityi.e. the process of commercializati@ut there are
more typesof transformationWe will now describe their typesnd benefits of
the transformation, i.ewe will try to answer whyshould the MFIs want to
transform.

First transformatiorof MFI took place almost 20 years ago, in 1992,
when Bolivian BancoSol transimed intoa commercial bankAccording to
Hishigsuren (2006)here are four types of transformation. Fitgbe is from
microfinance NGO into NBFI or commercial bank, i.e. into a regulated
commercial entity as irthe case of the BancoSol. Second type is mhe
traditional regulated institution, such as large retail bank, comes into the
microfinance markefThird type is thecreation of commercial MFI. And the last
type is when MFI merges with a commercial bank or merger of two or more
MFIs.%® (For more detailsand examples of particular MFIs in each type of
transformation see Hishigsur¢p006)) So now the question:isVhy would the
MFIs want to transform?

There are multiple reasons for it. Most of the transformed MFIs appear to
be beter f®’af t er t he t r[theyhdvefountanew sharehadsrs, fi
increased their equity capital andmproved governance, institutional
sustainability an @ Thenefore tnaransformation dish e poor . ¢
seems to have a positive effect on the pdarthermore,based on the sub
chapter2.2 abaut funding of microfinance, we can say that the MFIs have
greater chance to aeh commercial fundand thus decrease or eliminate their

dependence on subsidies and grants.

®Hi shigsuren Gaamaa, AramceQperdtians foant NGO roReguflatedMi ¢ r o
MFI A, p. 6.

7 But we must note here thilishigsuren(2006) found that noall microfinance NG@ need to

transform. Namely the BRAC and ASA, both large NGOs from Bangladesh which already run
efficiently and do not intend to transform themselves into regulated commercial entities.

®Hi shigsuren Gaamaa, AnamceOperdtians froant NGO noRegulatedMi ¢ r o
MFI A, p. 39.
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Therefore the transformation seemsta step irthe right direction in
the MFI6 slevelopment. Thus we should ask whether most of the Nfalsy
transform omat leasintend to do so.

Hishigsuren (2006) found in his study that only a few #§HFte
observed, had actually transformed. Therefhe was asking how come that
more MFIs is not transforming. He found the explanation in difficulty of the
process ofinstitutional transformation because there are many factors which
MFIs need to take carefully into account before deciding whetheansform.
Thus his conclusion was that the Mill decide to transform only if there are
favorable external and internal environméfits.

There is one more concern with the transformat®ome microfinance
experts, especially the critics of commerciaii@at fear that the transformation
may lead tdhemission drift, i.e. that the transformed MFI shift its strategy from
serving the poorest customers and alleviating poverty to more commercial goals
such as sustainability and stable prafite will inspectthis concerrcloserin the

following sub chapter 2.5 and chapter 3.

2.5 Social mission vs. commercial funding

The name of this sub chapter refers to the already mentioned suspicion of
conflict between the commercial funding and fulfillment of social mission, i.e.
the mission drift.There is probably not angfficial definition of the mission
drift. Most of the resarchers and other authors who referh® mission drift
describe it as negativeimpact of effort to be sustainable and (or) profitable.
This effort is often connected to the MFI transformation, i.e. to the
commercializationThe mission driftisthenai t uat i & commdican A
MIFs target relatively betteoff customers and face traddfs between the

objectives of profitability and outreach of the pabt.

There have been writteseveral analyse on the mission drift. But

different researchers uskfferent measures of it. And the results are also often

% bid., p. 40.
“Ar mend§r i z The Echrmmics ofdicrofinancp. 243.
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different. Therefore we will now look at some of these papers, dealing with

mission drift, and see what conclusions they came to.

2.5.1 Research on mission drift

Cull et. Al (2009) inspected separatefyinancially selfsustainable
individual lenders  a typical farger and older institutiomo . The resul ts s
that the first group of MFIs did not stop or decreased lending to the relatively
poorer clients and womemherefore these MFIseemto be capable to meet
simultaneously both profit and social goafdn the other hand ¢h second
observed group of MFIslid not prove to have the same ability as they had
problems achieving deep outreach and profitabditthe same timé&

Another reseah on the topicws conducted by ArmenedS8ri z
(2009). They constrated a model predicting mission drift asan impact of
combination ofspecific parameters (e.gveight that the MFI gives to serving
women and other country specific parametertated to the cost of reaching the
poorest.They came to a conclusion that when the cost of serving the poor is not too
high the MFlsare not likely to shift from their missiosecond conclusion of their
research is that average loan alone is not a sifficmeasure of mission drift.
Therefore | abelmissiagnd rsiofmee rM-| b aassedi only on th
size can be misleading. This research is one of the first ever conductie on
mission drift and the authors intentionally used the simplest adstipossible in
order to make several suggestionsfuture deeper examination of the topic and

recommenddusing other particular indicators and meth&ds.

The last research we will mention here was conducted by Mersland and
Str Bm . ([Theyydddgscriptive and econometric analysis using panel data
estimations on mission drift. Their data cove8d® MFIsfrom 74 countriedor
the period from 1998 to 2008 mong other, they used increase in average loan as a
measure of mission driftTheir conclusion was that there was not sufficient

evidence of mission drift in their data.

"L Cull, DemirgueKunt, a Mordi ¢ h , AMicrofina}nce tradeof fsi, p. 7.
“Armend8riz a Szafarz, fA.?2,i, AMi.cr2®f iaman@&.mi ssi on d
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Therefore we can see that the evidence of mission drift is rather limited
and only one of the studies revealeskitistence irthe case of théiypical larger
and dder institutiors .0Thus more research on the topic is needdaliertheless
there are still many experts, led by prof. Yunus of the Grameen Bank, whg claim
that the commercialization lesado the mission drift. So when we assume that
mission drift reallyhappenswhat can be (or is) actually done in order to preserve

the MFIs originalmissionof poverty alleviation?

2.5.2 Code of conduct

There is no question that the noommercial ways of funding are
insufficient for filling the funding gap mentioned at theginning of this chapter
and in sub chapter 2.Zhus the question is how to guarantee preservation of the
social mission when this funding gap is to be filled using the commercial.funds
Dieckmann (2008yuggests thaa possible solution could be theroduction of
code of conduct for foreign investor$n April 2008, the first steps towards such
a code of conduct were alreadyade with the Pocantico declaration, which was
signed by, amongthers CGAP and Deutsche Barikhis declaration stipulates a
sd of core principles that aim at balancing social and financial return
considerations and constitutes a good starting point towards a aide

conductd”®

Either way, there is still not enough research done on the mission drift.
Therefore ve will try to inect the presence mission drift using data from the

Mix database in the following chapter 3.

“Di eckmann, AMicrofinanced, p. 4.
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3 Mission Drift

This chapter is devoted txamination of mission driftBefore we get to
the analysis itselfwe will firstly explain what data were used for our analysis

anddescribeour goals and methodology.

3.1 Data collection

We will use data fronirhe Microfinance Information eXchange database
(The MIX). The latest publicly availabledataare from 2009 andover over
1100 various types of MFIs from different countris®reoverwe will also use
older availabledata from 2001 to 2008n order to examinehistorical

performance of the observed MFIs.

Since we assume that mission drift is mainly plessible inpact ofthe
commercializationwe have further filtered the original data and selected two
sub samples of ten most commercializbtFls’* and ten Iss commercialized
MFIs” according to their type and number of active borrowdtsrther
descriptionof this sepis following. When we look back ofigure 23 in chapter
2 we will see thait is possible to divide the MFiato four tiersaccordingto the
commercialization Thereforethe first subsample of the MFlsonsiss of the
first tier MFIs, i.e. of the 2% most commercialized MFIs, particularly regulated
microfinance banks and NBFI&nd the second subsample of MIEnsists of
second and third tier MFIgrevailingly ofthe third tier,j.e.the NGO3.

3.2 Goals and Methodology

Armer8 r & Morduch (2@0) found that most NGOs and commercial
mi crofinarceaplpaeraks t serve di fferent

fundamentally different way$And furthermorethatjét he dat a show

j.e. mostly regulated microfinance tanand regulated NBFIs
5i.e.mostly norregulated NGOs
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push for commercialization is apt to have important consequencegons
served a’h Moredves the finicrofinance banks usually serve more
customers than NGOs and they also tend to spend significantly more per
customer over the yedrThereforeour first goal isto examine whether there
was a different reentdevelopment between the tvabservedsub sample®f

MFIs. Our second goal imore general to inspect whether the observed MFIs

tend to drift from their original mission.

3.2.1 Two hypotheses

We will focus particularly on two hypotheses. First one is based o
frequent opinion of critics of commercialization who often say that the
commercialized MFIs provide substantially higher average loans than the
nonprofit MFIs, which focus on the poorest cliefftswe will try to inspect the
possible influence of changén the average loan size, and also the
appropriateness of average loan size as a measure of mission drift, through our
first hypothesis which assumes tliaé more commercialized an MFI is, the
higher average loan balance per borrower it will have

Besides what was mentioned above, we will use the average loan size as
a measure of mission drift for the following reason. Senanigt of smaller
loans increases the transaction cdbtyefore weassume that increasn the
average loan might indicate thah MFI is shifting its focus on less poor
customers, particularly on male clients because women are proven to be more
risk averse than men and they also tend to seek smaller [Saterefore the
second part of our first hypothesis will be tttz more aerage loan increases,
the more relatively Al ess pooro&GBcustomer :

portfolio.

1 N SY Rt NRA | The Ecardmids otMifihance p. 251.

" bid., p. 249.

8 Drake a RhyneThe Commercialization of Microfinance: Balancing Business and Development
p. 4.

1 NSy Rt NRA T The Ecardmid? otMKrBfinanqe 249.
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The second hypothesis is connected to this difference between male and
female clientss we will try to examine whether there is a negative impdct o
commercialization for women borrowers, i.e. whetter more commercialized
MFIs shift their focus on male clients

Besides the already mentioned fact that women are more risk averse, we
base this hypothesis on another facver 70% of the poorestepple in the
world are women, meaning that if mission drift means to shift from the poorest

clients it might also, in some cases, mean shifting from female to male clients.

3.2.2 Methodology

We will use he methodology. Firstly, we will do a linear regression,
using the ordinary least square method (OLS) on the latest available data (2009),
using the whole available data set, in order to determine significant variables for
each hypothesis. Secondly, we Koat recent development and trends of these
selected significant variables and compare the results between the two observed
sub sample®f datai the highly commercialized MFIs and the less or non

commercialized MFIs.

It was already mentioned that theepious research have found that
female customerare usually a bit different than the male cust@nEnerefore
in order to ensure accuracy of the following analysis, we haded a dummy
variable into ourdata, based odivision of the observed MFI® n F dima | e 0
clients focused MFIs (FMFIs) anoh the rest ofthe MFIs which do not focus
prevailingly or exclusively on women (NMFIsYhe FMFIs are particularly
MFIs exclusively focused on women, i.e. with 100% share of women in their
client portfolioand theNMFIs are all other MFIsTo be more specific, we have
A s p thé datfor purposes of the Chow test and also for purposes of deeper
analysis.The resultingdummy variablgoutsFMFIs equal to 1 and NMFIs equal
to 0.
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3.3 First hypothesis: Change in Average loan balance per
borrower

The first hypothesis assumes that the more commercialized an MFI is,
the higher average loan balance per borrower it will lzagethe less desirable
will be the poorest clients for the MFAverage loan balance per borrowsr

iGr oss Loan Portfolio fias a share of i Numb

00 WM wE , i.e.it is basically an average size

of loan.

Among otherconducedresearchesMer sl and and Str m
similar indicator- increase in the average loaras one of the possible measures
of the mission drift. On the other handkmern8 r & Klorduch (2010Xriticize
use of the average loan as a mission drift measuresaysbparticularly that
f{ljarger averageloan size do not mean that the institution is abandoning its
poorest customers in fact, the opposite may be trug° So we will try to

examineour dataandfind outhow appropriate this measure actually is

When we look athe observed MF|swe will see that the average loan
size was almost steadily rising during the observed period, i.e. from 2001 to

2009. Figured.1shows average and median values of all observed MFIs.

8 bid., p. 252.
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FIGURE 3.1

Average Loan all available data
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FIGURE 3.2

Average Loan Commercilized MFIs vs.
NGOs

espmm Average of Top 10
commercialized
MFlIs

e Median of Top 10
commercialized
MFls

s Average of Top 10
NGOs

Source: Own calculations on data from The MIX

The picture is quite similar in case of Top 10 commercialized MFIs and
Top 10 NGOs. Figur&.2 shows that both observed sub samples of MFIs had
also prevailingly rising trend between 2001 and 2@®8thermore, ibvious
from the graph that there was not a big difference in the average size of loans of
the selected highlgommercialized MFIs andf theselectedNGOs. So does the
slight difference suggest that increase in average loanisirecently rather
common development of all MFIs and thuseially does not mean shift from the

poorest clients, as Murdoch (2010) found?
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Before we try to answer ith question, it might be helpful to look in
greater detail ortwo highly commercialized ME the Equity bank of Kenya,
which has conducted IPO in 2006 ahe Banco Compartamos, which has also
conducted IPO bubne year latein 2007, andcomparetheir level of average
loan sizeto that of two largest' observed NG§ the ASA and BURO
BangladeshFigure3.3 showstherecent developmem caseof thefour MFIs.

FIGURE 3.3
Average LoanEquity Bank vs. ASA

1000

O n T T T T T T T T 1
2001 2002 2003 2004 2005 2006 2007 2008 2009

espmmEquity Bank ali=ASA
#==»CompartamosBancess»BURO Bangladesh

Note: The years after IPO are highlighted in yellow
Source: Own calculations atata from The MIX

There is a bit more visible difference between thesetywes ofMFIs,
each representing its subsample. So what could be the reason of this difference?
During the observed period, the ASA had on average &6& the BURO
Bangladesh 87 %f women in its client portfolio in compare to the Equity Bank
with just about 48%and the Banco Compartamos with 98¥ general, the ten
selected highly commercialized MFIs had on average about 69% of women in its
client portfolio in compare to 78% in ®a of the ten selected NGOs. It was
already mentioned that women seek smaller ldhas it might be one of the
reasonsthe two NGOsand Banco Compartamqgsovided relatively smaller
average loans between 2001 and 2009.

There is an important change the Equity Bank developmentisible
from the figure3.3 It has conducted IPO in 2006 and this year seems to be a

811n terms of number of active borrowers
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break point in the datiasince then the average loan size has more than doubled.
So if we consider IPO as a big step towards commercializdtisnchange in
development might indicate some change in Equity Banks development,
probably connected to the IPOn the other hand, the Banco Compartamos also
conductedPO but we cannot see the samereasing development in its case.
Therefore, at thisqnt, we can only speculate about the impacts of the IPO on
the MFIs behavior.

The original question of the first hypothesis was whether the increase in
average loan size also medosshift from the poorest clients. We have already
seen that the observddta show an increasing trend in average loan size, so that
the remaining part of the question is whether the MFIs also shift from the
poorest clients. To inspect this problem closer, we will use OLS model on our
data and try to examine how (if) is theesage loan balance per borrower
influenced byprofit, interestrate, outreachand costs We must note here that
there is one serious problem with the variables in our following model. Based on
nature of our daf there is high probaliy of endogeneity as of the
variables. V¢ are not abléo overcome this issue but the model will be still
suitableto provide us three important outputs. These three outputs are the Chow
test, correlation between the variables and also give us some information about

which variables are significant.

Before we look at the model itself, we will try to explain the choice of
explanatory variables. First one is gwefitability. We have already said in the
previous chapter, that the ability to make profit is connected with
commercializationThuswe will be interested in what is the correlation between
average loanwhich we assumed to be also connected to commercializatidn,
profit like.

Second one is theterest rate We choseis based onArmer8 r & z
Morduch (2010who foundthatii é | ess weal t hy househol ds

sensitive to interest rates than relatively wealthier households. In the line with

% pecausehat the priit, cost, and risk variablese determined simult@ously with average loan.
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this finding, there is a risk that branches that increased their interest rates
would see their customer bases shifay from relatively poorer client§>

The third one isoutreach which is of our interest because we want to
find out what is the correlation between average loan size and size of gmMFI
terms ofthe number of active borrowersindalso between the average loan and
the share of women borrowdiiee.

The last explanatory variable is thest per borrowerWe have selected
this variable based on a fact that it is proven that the MFIs tend to pass higher
cost of serving the poor custers onto these customé&fsSo we will be again

interested irthecorrelation here.
The OLS model is following:

60 MEDEG GO YYD DYV 'OCOH "YOYBIYO) Y'YYOb &0 "Y'Y'Y
where:

T 600°7Y"YO(§"Y

T 0'Y6OOVYYD o

00 "YOY®@O'YO wQQRMQi ¢ndi 0 Q¢ a Qe

T 0°Y'YYOO0 6O

I 06600GOO OO NI £ 00TV Q0 A@EET 1 £0 Q1

T 60°YYIYO & iNDDE 0 Gi
Where the coefficierit represents the intercept and the coefficient$ R
represent slopes of particular coefficients. Therefore if some bf tHeh8 hQis
>0, then it means that the particular indicator is positively correlattédtiae
average loan and conversely if some offthé(8 hHQis <0, then it means that
the particular indicator is negatively correlated with the average loan. The
indicators of each explanatory variable will be explained in greater detail further

in the text.

We have firstly conducted the OLS analysis on the whole data set and
checked for presence of structural difference with respect to our dummy

81 NSy Rt NRA | The Ecardmids otMKrbfinanqge 253.
#bid., p. 250.
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variable, putting FMFIs equal to 1 and NMFIs equal to 0, using the Chow test.
The test did not revéaxistence of such structural difference, so that we can
inspect the data together for FMFIs and NMFIs.

The last step before wget to interpretation of ounodel is to verify the
OLS model assumption®ll assumptions hold except for thessumption of
homoscedasticity i . e . based on the Whiteds test
denied the null hypothesis of homoscedasticity. Téeroskedasticitys most
probably caused by the nature of our data (observations) because our data are
actuallygroups thadiffer in size Therefore v will have to us&Vvh i t"rebust
standard errors" (White standard errors) in order to fix this assumiitiosil
not change the estimates, lwitl give us standard errors that are correct under
the heteroskedasticityBut this approach has its cost, we will have to pay for the

fixed homoscedasticityour estimates will be not efficient any more.

We obtainedhe following estimates of our coefficients:

TABLE 3.1
Coefficient |Std. Error [t-ratio |p-value |significance
Constant 1392.14 | 475.618 |2.927( 0.00352 Frk
ROA 3559.61 | 884.37 |4.025( 0.00006 el

Yield on gross portfolio| -2873.4 | 559.068
-7.86966e€ | 5.82281e

05 05 1.3514
Share of women -
. -548.416 | 402.975 13600 0.17392

Cost per borrower 5.39623 | 1.91241 |2.8214 0.00490 il
Note: *Significant at the 10 % level; **Significant at the 5 % level;

5 1394 <0.0000]  ***

# of active borrowers 0.17691

***Significant at the 1 % level
Source: own calculations on data from The MIX

(For graphical visualization see annéx

Another important indicator of the model issQuared which measures
quality of the modé&P. Particularly it tells us how much of the variation in

Average Loan size is possible to describe using our explanatory variables. The

®Particularly about the fAgoodness of fito of the
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model is able to explain approxately 54% variability in the Average Loan
size, but we must be careful with the interpretation of this model due to the
already mentioned endogeneity bias. So what does the model tell us?

There arghreesignificant variables in the modeIROA, Yield an gross
portfolio and Cost per borrower. The ROA and cost per borrower, representing
profit and costs, are positively correldiddith the average loan size. It is the
opposite with the Yield on gross portfolio and Share of women borrowers, which
are negavely correlated’ with the average loan size. The endogeneity bias
prevents us from deducing any clearer results from the OLS model, so that we
will have to look closer on the recent development of the four significant
variables, in order to find whethehey have any deeper relation with the
average loan size and thus whether they can heip amfirm or deny our first

hypothesis.

3.3.1 ROA vs. Average loan

We begin with the return of assets, which is positively correlated with the
average loan size. The ROmeasures how good an MFI is in making profit,
particularly how well it uses its assets in order to generate profits and thus it is
also a measure of sustainability, particularly it is a profit/sustainability ratio. The

formula for its calculation is fadiwing:

. AIODbAOAQGHEATJ AADBAO
I OA OAICBAOOAOO

YO O

In our case this indicatois usefulfor comparing the profitability and
financial sustainability of a financial institution to that of other similar financial
institutions in the sami@dustry (i.e. microfinance).

We can put the ROA development in the observed period graphically and

compare it to the average loan development in the same period.

8 Based on the OLS estittes of their coefficients
8" Based on the OLS estimates of their coefficients
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FIGURE 3.4

Roa vs. Average LoarAverage of all data
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FIGURE 3.5
Roa vs. Average LoarMedian of all data
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Figure 3.4, showing the average values of all observed MFIs, does not
confirm the positive correlation between the two observed variables. In fact it
prevailingly shows exactly the opposite, i.e. negative correlation, because for
most of the observed time the RO®as rising at the same time when the
average loan was falling and wise versa. FiguBe showing the median values
of all observed MFIs, partly shows some positive correlation but since 2006 it
seems to be the same axase of the average values, i.e. negatively correlated
ROA and average loan size. The question is whether the, for instance, increase

of ROA helped to cause the decline in average loan size or whether it was the
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other way round. We will try to find the swer looking at the same graphs for

the top ten commercialized MFIs and NGOs.

FIGURE 3.6

ROA vs. Average Loam\verage of Top
commercialized MFIs
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FIGURE 3.7

ROA vs. Average Loaverage of Top
NGOs
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We can see from the figur&6 and 3.7, that neither in case of the ten
selected highly commercialized MFt®r in case ofthe ten selected NGOs i
clearly visible positive correlation between ROA and average loan size.
Nevertheless, in case of the ten selected highly commercialized MFIs there
seems to be atrongrising trend in the ROA, on average about 20% annually,
which is obviously not present in the graph with the NGOs, which rose on

average about 3% annually. So we may say that it appears that during the
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observed period there was posily correlated rising trend between the ROA
and average loan size in case of the ten selected highly commercialized MFIs.
This might confirmthat the commercialization rrelated with the profit as the
ROA of the commercialized MFIs steadily rose bewe@001 and 2009 and it
was conversely rather fluctuating in case of the less (or non) commercialized
NGOs. Of course this applies only for our small case study in this text but the
small subsamples, we used, represent larger samples of our data.

Either wgy, there is obviously not a clegeneralrelation between the
ROA and average loan size, because the average loan size was mostly steadily
increasing during the observed period in case of all observed samples and data
but the ROA was in most cases ratfiectuating aad we could see that the
positively correlated trend was only in case of the ten selected highly

commercialized MFls.

3.3.2 Yield on gross portfolio vs. Average Loan

The next significant variable is yield on gross portfolio. We must note
here thatour data was available since 2003, so that we have shorter observed
period in case of the yield on gross portfolio than in case of the other significant
variables where we have data covering time between 2001 andA&08&8 r | z
& Morduch (2010) describes the yield on gross portfolio as a ratio used to asses
revenues and more importantly also as a measure of average interest rate

charged to borrowers by the MFIs. The formula for its calculation is following:
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As a measure of average interest rate it is also inherently a measure of
average risk the MFI faces from its clients.

The average loan size and the yield on gnossfolio are negatively
correlated. It was already mentioned that the poorest households are sensitive on

increase in the yield on gross portfolio, i.e. increase of the interest rates, and that

59



too high interest rates may in some cases cadufieof the client portfolio away
from the poorest customers, i.e. it migjetrelated tashe mission drift®®

When we look at the average and median development of yield on gross
portfolio during the observed period, we will see that it was rather decreasing,
averagng 34%. Figure3.8 confirms the finding of the OLS model that for most
of the observed period there was a negative correlation between average loan
size and the yield on gross portfolio. The decreasing trend of yield on gross
portfolio suggest that if somebserved MFIs experienced decrease of the
poorest customers in their client portfolio, it was probably not caused by change
in the yield on gross portfolio, which was rather decreasing. This is also
supported by the fact that average number of borromesin case of the

observed MFIslmoststeadily rising between 2003 and 2009.

FIGURE 3.8

Yield on gross portfolio vs Average Loan
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FIGURE 3.9

Yield on gross portfolie sub samples
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So now the question is whether there is any difference between the yield
on gross portfolio of the highly commercialized MFIs and the NGOs. FRj@re
shows that the observestlectedNGOs had the same trend as average of all
data, i.e. decreasing yield gmoss portfolio. The situation is a bit different in
case of theselected highlycommercialized MFIs, where we can see change
2007 towards stable increase. But overall has the yield on gross portfolio also
decreased in compare to the observed timerbe2007. There is one MFI
which significantly exceeds the yield on gross portfolio values of the other
MFlIs. It is the Mexican Banco Compartamos, whose yield on gross portfolio
was on average 82% during the observed period. But it is important to say that
this MFI showed also decreasing trend in this variable during the observed
period, so that in terms of trend, it does not differ from the other observed MFIs.

We must again remark that due to the endogeneity bias of our data we are
unable to say whethené decrease in yield of gross portfolio caused the increase
in average loan or conversely, but our data sample shows clearly that the yield
on gross portfolio had rather decreasing tendency during the observed period, so
that the observed MFIs should nofperience decline in number of the poorest

clients because of change in the yield on gross portfolio.
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3.3.3 Cost per borrower vs. Average Loan

The last significant variable is the cost per borrower, which is positively
correlated with the average loanwis calculated using the following formula:

.. | DAOAREHAJ OA
¢ SR OAGIAAREA OEDAOT x ADO

6&NQDET I

We must note here that the cost per borrower could be possibly
influenced by the length of maturity because longer matustyally also means
higher costs because of the higher risk it represents. But there is unfortunately no
data available for the maturity or at least average maturity of loans of the
observed MFIs, so that we waneable to inspect this possibility. So, iase of
the cost per borrower, we will focus on whether our data confirm the findings of
the previously mentioned research that NGOs spend significantly less per
customer over the years, in compare to the microfinance banks. Our data for the
ten selected NGs and more commercialized MFIs datadepictedon figures
3.10and3.11

FIGURE 3.10

Cost per borrower vs. Average Loan
Average of the top commercialized MFIs
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FIGURE 3.11

Cost per borrower vs. Average Loan
Average of the top NGOs
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The two figures show that the average loan size was growing much faster
than the cost per borrower, which was rather stable. Tieeseme difference
between the NGOs and the more commercialized MFIs. Strictly speaking, the
average cost of borrowers of ttap ten commercialized MFIs were during the
observed period on average 63% higher in compare to that of the NGOs. The

average values are in the following taBlg

TABLE 3.27 Average cost per borrower(in USD)

Year 2001 2002 2003 2004 2005 2006 2007 2008 2009

Topl0 45 48 47 55 62 66 68 73 65
MFIs
Top 10
b0 29 26 26 20 37 40 46 48 49

Note: The values in this table were rounded to zero digits

Source: Own calculations on data from The MIX

One example for all is the comparison of the Kenyan Edpatyk and
Mexican Banco Compartamosepresenting the highly commercialized MFIs
and the ASAand BURO Bangladeshepresenting the NGOs. We have already
compared these two MFIs above and we should remind that the Equity bank has
conducted IPO in 2006 whichppeared to a breaking point in the average loan

size data of this MFI. The comparison is depicted on figut2
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FIGURE 3.12

Cost per borrower Equity Bank vs.
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It is obvious that there is a huge difference between these¢ypes of
MFIs. The equity banlkand the Banco Compartambad on average 21 times
hi gher cost per borrower than ASA. The

Eq

quite stable sincethe IPOIn20a86d so did the Banco Compart

neither in case of cost per borrower is clearly visible any significant impact of
the IPQ Nevertheless thmain reason why we have been looking on tHese

MFIs is to demonstrate that our data confirm the evievidence of difference

in cost per borrower between the NGOs and the more commercialized

microfinance banks and regulated NBFIs.

3.3.4 Summary and conclusion of the first hypothesis

Our data clearly shows trend of growing average loan balance per
borrower. In this hypothesis, we were inspecting, whether this trend of
increasing average loan size also means decrease of the poorest customers in the
client portfolio of the observed MFI& order to do this, we have inspected four
indicators and compared their receperformancewith the average loan
development in the same observed period. Altogether we have found that the
development of ROA suggest that commercialization is really cdaddo the
profit, which is what many critics of commercialization see as the main problem
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due to the possibility of abandoning the poorest customer on the way to pursue
higher profitability. On the other hand, the average interest rates, measured by
theyield on gross portfolio, had mostly decreasing tendency during the observed
period. This finding suggests that if some of the observed MFIs decreased
number of the poorest clients which are proven to be very sensitive on increase
of interest rates, it wasiost likely not because of the change of the yield on
gross portfolio. The last indicator, we have inspected, was the cost per borrower.
Our main finding here is that our data mostly confirm the previous researches as
we have found that the NGOs have eerage lower cost per borrower than the
more commercialized MFIs, especially the microfinance banks.

To conclude it, ifwe would assume that the critics of commercialization
are right and that pursuing profit, which is connected to the commercialization
really have some negative effect on the poorest customers and moreover when
we would add an assumption frdhe r s| and and StrBm (2009)
of average loan is a good measure of the mission drift, we could say that our data
has confirmed that themore commercialized MFIs fulfill all the conditions for
the mission drift. On the other hand the other observed indicators, especially the
declining interest rates suggests thaner8 r & klorduch (2010) may be also
right and that the ferprofit orientdion alone is not enough to say that there is a
mission drift and furthermore that the higher average loan connected with the
more commercialized MFIs might rather suggest that they are serving a different
market than the NGOs than that they have to baddrang the poorest clients.
All'in all our research and the small case studies may not be sufficient to confirm
the first hypothesis that with the increasing average loan comes abandoning of
the poorest customers. So the main finding of examining tlsishfypothesis is
that we have confirmed a different behavior of the highly commercialized MFIs
and the less commercialized MFIs, mainly NG@sd also that we have

observed stable increasing trend in the average loan
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3.4 Second hypothesis: Change in share of women
borrowers i n the MFI & client portfolio

In the second hypothesis, we will look into what influence the
commercialization has on women borrowers. Particularly, we will try to inspect
whether the more commercialized MFIs shift their focus @tenclients rather
than on, often poorer, female clients. More precisely defined, the hypothesis
assumes thahe more commercializechaviFl is, the less women clients it will
have in its client portfolio

There were conducted several other researchieg sisnilar measures as
the share of women borrowers as a possible measure of mission drift. Namely,
Mersl and and StrBm (2009) wuse tessanot her |
emphasis on lending to female customers They parti dul arly arc
mission drift is the case among MFIs, one should expect MFIs to place less
wei ght é of And anong ether authors, we can quote for example
ArmendS8riz et. Al ( 2 060 9a)n omdibaor@ bhssess conf i r m
if MFIs are being faithful taheir povertyr e duct i on mi ssi of is rel at
i.e. for instance the share of women borrowers

So will be looking forsome evidence in our datproving that the
observed MFIs tended to decrease share of women borrowers during the
observed period.

The first step of our analysis will be looking at the recent development of
the share of women borrowem case of the observed MEMhich is depicted

on the followirg figures3.13 3.14
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FIGURE 3.13

Share of Women borrowersAll data
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FIGURE 3.14
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We can see that overall there was a decreasing trend in the share of
women borrowers. To be more specific, all observed MFIs were on average
decreasing per 1% annually. The selected highly commercialized MFIs had quite
steady development with slight tendgrto increase since 2004, averaging 1,8%
increase per year. The selected NGOs were a bit fluctuating until 2003 but then
had also quite steady development, decreasing by approximately 1% a year
between 2004 and 2009. This is quite unexpected finding bechased on the
assumption of our hypothesis, we would rather expect the selected MGOs
have a steady level of the share of women borrowers in their client portfolios

and conversely the selected highly commercialized MFIs were expected, in
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terms of thesuspicion for the mission drift represented by assumed decrease of
women clients, to have steady or slightly decreasing share of women borrowers
during the observed period. To get a better picture, weagamlook in greater

detail at four of the observe MFIs, representing both, the highly
commercialized MFIs and the NGO&/e havesimilarly as beforeselected two
highly commercialized MFIs, which have both conducted *fP@nd two
biggest? NGOs from our data sample. Particularly we have selected Banco
Compartamos and Equity Bank from the commercialized MFIs and ASA and
BURO Bangladesh from the NGOs. Their recent development is depicted on
figure 3.15

FIGURE 3.15
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The graph showthat the two commercialized MFIs had quite stable
level of share of women borrowers. Neither the IPO apptarhave any
significant effect on the share of women borrow@&mst the situations a bit
different with one of the NGQghe ASA There were data available only for
five years in case of the BURO Bangladesh but this five years show very
constant values, so that it seems that this MFI did not experience any significant

increase or decrease imetshare of women borrowers. But in case of the ASA

I There are more MFIs which have also conducted IPO in our data sample but their IPO was done
after 2009, so that we cannot observe any effect of it from our data.
21n terms of number of active borrowers
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there was a bit more interesting development as the share of women borrowers

was firstly declining and then, from 2007, rising back to approximately 2005

l evel. Strictly s peaknborgpwerstwhseon &vGagd s s har e
decreasing by 1% a year. Therefore in case of the more commercialized MFlIs, it

seems that the two selected MFIs confirm the stable trend, we could see on

figure 3.14 The NGOs seeno have a bit more fluctuating developmemid

aso to differ among each otheso that we will now look at the recent

development of all ten selected NGOs between 2004 and 2009, which are the

years between which the previous figures and data showed the fluctuation.

FIGURE 3.16
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The figure3.16 shows that at least three of the observed NG@saHazt
fluctuating development of the share of women borrowgusng the observed
period So what might have caused this slight fluctuation and mamlesall

decline in share of women borrowénscase of most of the observed NGOs

We will try to find answer on this question via deeper examination of the
share of women borrowers arsgpecific factors which could have had some
impact on it during the observed period. To do this and also to test our second
hypothesis, we will use following OLS model wi8hare of women borrowers

in the MFIs client portfolio as explained variable. In simple worde will be
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interested in relation between the share of women borrowergrafig interest

rate andcosts.We must again note here that, similarly as in the case of the first
hypothesis, there ia high probability of endogeneity bifsof our model. Ad

same as before, we will be probably unable to overcome this issue but the model
will be still able to provide us at least the three outputs as before. Thus same as
in the previous model these three outputs will be the Chow test, correlation

between theariables andtatisticalsignificance of the explanatory variables.

Before we look at the model itself, we will try to explain the choice of
explanatory variables. First one is the profitability. It was already mentioned that
there is a connection betwe¢he commercialization and profitability, thus we
will be interested in what is the correlation between share of women borrowers
and profit like, i.e. whether the increase in profit also mean decrease of share of
women borrowers.

Second one is thimterest rateWomen form a lot of the poorest clients
and that the poorest customers are sensitive to increase of interest rates thus we
will be concerned with the relation between the share of women borrowers and
the interest rate.

The last one is costparticularly cost per borrower, which is of our
interest because women usually seek for smaller loans and therefore increase
MFIs transaction costs, so that we will be interested in the relation between the
cost per borrower and the share of women baegrs.

The OLS model is following:
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% Based mainly on nature of our data becabatthe prdit, cost, and risk variables
are determined simultaneously with average loan.
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Where the coefficient represents the intercept and the coefficients h
represent slopes of particular coefficients. Therefore if some pf tha8 AQis

>0, then it means that the particular indicator is positively correlated with the
share of women borrowers and conversely if some of th&8 RQ is <0,

then it means that the particular indicator is negatively correlated with the share

of womenborrowers.

We have firstly used the OLS model on the whole data set and checked
for presence of structural difference with respect to our dummy variable, putting
FMFIs equal to 1 and NMFIs equal to O, in our data, using the Chow test. We
must note here #t it actually makes no sense examining the FNirthis case
because they have stably 100% share of women customers in their client
portfolio, so that we cahardly see any impact or relation between the share of
women borrowers and the other three iathes. Thus the Chow test was made
mainly in order to formally confirm this assumption. The test revealed existence
of such structural difference, so that we will have to inspect the data separately
for the FMFIs and the NMFIs. Therefore, based on theorsagbove, we will do
the following analysis only for the NMFIs.

Finally the last step before wget to interpretation of oumodel is to
verify the OLS model assumptiomdnd same as in case of the first OLS model,
all assumptions hold except for taesimption of homoscedasticity.e. based
on the Whitebds test of heteroskedasticity
homoscedasticity. Theekeroskedasticitys again most probably caused by the
nature of our data (observations) because our data a@lpgroups that differ
in size Therefore, same as aboves will have to us&Vvh i t"m®hust standard
errors" (White standard errors) in order to fix this assumptidrich will not
change the estimates, but giue standard errors that are correct unte

heteroskedasticityl hus our estimates will not be efficient any more.

We havethe following estimates of our coefficients:
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TABLE 3.3

NMFIs Coefficient| Std. Error | t-ratio | p-value |significance
Constant 0.446021 |0.021825 [20.436<0.0000]  ***
ROA -0.01983990.097819 |-0.203|0.83933
Yield on gross portfolio|0.387999 |0.055257 |7.0217/<0.00001 *hk
Cost per borrower |-0.0001563/3.26%&-05 |-4.788|<0.0000]  ***

Note: *Significant at the 10 % level; **Significant at the 5 % level;
***Significant at the 1 %evel
Source: own calculations on data from The MIX

(For graphical visualization see anngx

The Rsquared, providing us with information about the quality of the
modeP?, is approximately 10%. This means that our model is able to explain
only about 10% variability in the share of women borrowers. But since we face
the problem of endogeneity bias, it is sufficient for us that the model provides us
with information about ginificant variables and about the correlations. So what
does the model tell us?

The model shows us two significant variablieghe Yield on gross
portfolio and the Cost per borrower, representing interest rate and costs. Based
on the OLS estimates of tiheloefficients and| we can see that the yield on
gross portfolio is positively correlated with the share of women borrowers and
the cost per borrower is negatively correlated with the share of women
borrowers.The endogeneity bias, similarly as in easf the first hypothesis,
prevents us from deducing any clearer results from the OLS model, so that we
will again have to look closer on the recent development of the four significant
variables, in order to find whether they have any deeper relation tigth
average loan size and thus whether they can help us confirm or deny our second

hypothesis.

3.4.1 Yield on gross portfolio vs. Share of women borrowers

We begin with the yield on gross portfolio, which is positively correlated

with the share of women bomwers. It was already mentioned above that the

t he of fito of
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yield on gross portfolio represents average interest rate. The positive correlation
is a bit surprising because, based on the fact that women are often the poorest
clients and that the increase of interest gate proven to sometimes rather
discourage the poorest clients, we would expect it to be ctireelated
negatively But we should firstly look closer on the data before we come to any
conclusion. Figure.17 depicts comparison of recent development of yiedd

on gross portfolio and the share of women borrowers.

FIGURE 3.17

Share of Women borrowers v¥ield on
gross portfolio- All data
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FIGURE 3.18

Yield on gross portfolie sub samples
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We can quite clearly see the positive correlation from figui&. On

average there was a 2% decline every year in the yield on gross portfolio
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recorded in our data during the observed period, meanwhile the average share of
women had very steady development, averaging approximatelya@ib¥ally.
The steady developmens also visible fromthe difference between 2001 and
2009whichis less than 1%.

The yield on gross portfoligrended downwardb¥etween 2001 and
2009. This suggests that the level of interest rates should not be a factor
discouraging the poorest clientstake a loan, which confirms the pretty stable
development of share of women borrowers. So now the question is whether there
was any difference between the top selected NGOs and the topeddighly
commercialized MFIsThe FMFIs where excluded from losub sampléa
Figures3.18 3.19 and 3.20, showing the recent development of the two sub

samples, will help us answer this question.

FIGURE 3.19

Share of women borrowers vs. Yield on
gross portfolio- Average of the top
commercialized MFIs
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% Namely the SHARE and the SKS from the selected top commercialized MFls aGdshgor
MC form the top selecteNGOs.
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FIGURE 3.20

Share of women borrowers vs. Yield on
gross portfolio- Average of the top NGOs
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The picture is a bit more interesting @ase of the two sub samples
Figure 3.18 shows that both of them have visiticreasing trend itheyield on
gross portfolio Strictly speaking, the selected highly commercialized MFIs were
on averag declining by almost 4% a year and the selected NGOs by 1,7% a
year. Thus we can see that the yield on gross portfolio was decreasing almost
twice as fast in case of the selected highly commercialized MFIs than in case of
the NGOs.

Furthermore, tiis intaesting that the two subsamples show on average
rather negative correlation between the share of women borrowers and the yield
on gross portfolipbasedon the fact thathe share of women borrowers of the
highly commercialized MFIs wasn averageincreasng by almost 3% a year
and the selected NGOs were on average increasing approxinhgtely6%
annually. We must note here that the last number, for the NGOs, is a bit
misleading because it jgobablyinfluenced by development of ABA which had
been rapid} increasing its share of women borrowers between 1999 and 2006
from about 17% to almost 70% in 2006 and then settled on approximately 55%.
So if we exclude ABA from the observed NGOs, we will get rather slightly
decreasing trend. Therefore the yield onsgr portfolio of the selected NGOs
was finally also rather negatively correlated with the share of women borrowers.

Though we face the already mentioned endogeneity bias, which prevents

us from making a clear statement whether the change in yield o mpd#olio
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had any obvious impact on the share of women borrowers or not,there might be

a reasonable explanation of the decreasing trend in both, yield on gross portfolio

and the share of women borrowers, in case of the selected NGOs. It might be

caused p t he-siibsodgszati onin wthatcsdme MEIsi cal y m
slightly shift its focus towardeelativelyless poor customers in order to get the

neccessary funds to serve a lot of poorer clients with relatively small average

loan®® Therefore if we woulda s sume t hat the relatively @
more often male clients and that it is exactly the opposite with the poorer clients,

l.e. that they are more often women, tivem might understand the decreas

interest rate¢represented by the yield @moss portfoli) asa way to attract the

Aweal thierdocustomers and the detteneasi ng s
mean that some of the women clients are being substituted by male clients. But

this is definitely not a mission drift because the MFI hc tay in order to be

able to fund a greater number of the poorest clients, so this action is not driven

by a profit or any other similar motive related to intentional shift from the

poorest clients.

To conclude it, we have not found any clear evidence that the
development ofyield on gross portfolio could cause decrease of the share of
women borrowers. We observed rather increasing trend in share of women
borrowers, in case of the highly commerciatizMFIs, and at the same time
decreasing trend of average interest rates, meaning that there is probably no
reason for the poorest customers to leave any MFI of this type because of change
in the interest rates during the observed period. On the othdrtharobserved
less commercialized NGOs had on avergae a bit decreasing trend in both, share
of women borrowers and the yield on gross portfolio. We assume that this can be
probably mor e i kel y expl ai ned- by t h

subsi di z aprésenoedwtthe aissiob drift in our data.
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3.4.2 Cost per borrower vs. Share of women borrowers

The second of the two significant variables froor model is the cost
per borrower, which is negatively correlated with the share of women borrowers.
The negatie correlation might be caused by the already mentioned fact that
women ussually seek for smaller loans and thus increase transaction costs of the
MFls, so that we will examine this possibility in the following text. The recent
development of the observétFls is depicted on figurd.21and3.22

FIGURE 3.21
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FIGURE 3.22
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Both figures show increasing trend in cost per borrower during the

observed period. To be more specific, on average the cost per borrower rose by
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4% a year, between 2001 and 2009. Moreover, the figy@éxclearly shows that
the top selected commercialized MMad on average higher cost per borrower
than the selected NGOs. This observation confirms that the more
commercialized MFIs, especially microfinance banks, spend on average
markedly more per customer than other types of the MFIs, particularly than the
NGOs.

On the other hand the figuBe21does not show the negative correlation,
or at least clearly not in the last three observed years. We can look at more
detailed comparison of the share of women borrowers and the cost per borrower
in case of the two fisamples on the following figur@&23and3.24

FIGURE 3.23

Cost per borrower vs Share of women
borrowers- the top selected
commercialized MFls
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FIGURE 3.24
Cost per borrower vs Share of women
borrowers- the top selected NGOs
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We have already mentioned that the share of women borrowers had
increasing trend inase of the top selected highly commercialized MFIs and
rather decreasing tretdin case of the selected NGOs. Therefore we have no
reason to suspect the observed highly commercialized MFIs that there would be
any impact of the cost per borrower reflectedlecrease of the share of women
borrowers. The situation is a bit different in case of the selected NGOs.
Therefore we will now closer inspect the relation of the cost per borrower and
share of women borrowers in case of the selected NGOs, becausentiseatre
these two variables are negatively correlated. In other words we will be
interested whether there is an observable relationship between the cost per
borrower and the share of women borrowers suggesting any possible explanation
for the decrease of figale customers in the NGOs client portfolios. FigBu25
depicts development of cost georrower of the observed NGOs.

FIGURE 3.25

Cost per borrower selected NGOs
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" When we exclude the ABfor the reasons explained above.
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We can see that, during the observed period, the most sigrificant
increasing trend wasletectedin case of three NGOs WWB Cali, FMM
Bucaramanga and FMM weP mystagsi8vhat wag ther ef or e
development of share of women borrowers like during the observed period in
case of these three NGOs? FigBr2@6and3.27shows the comparison.

FIGURE 3.26

Cost per borrower selected NGOs
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FIGURE 3.27

Share of women borrowersselected NGOs
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Figure 3.27 shows that the three observed NGOs had rather decreasing

trend in share of women borrowers during the observed period. By comparing
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figures3.26and3.27is clear that the cost per borrower was growing much faster
and in much more stable way thamas the share of women borrowers
decreasing. Therefore this comparison do not provide us with sufficient evidence
to tell anything more than that the cost per borrower may be a determining factor
for the quite big change in share of women borrowers but it isitddyimot the

only determining factor and probably nor the most important one.

Nevertheless there might be two more possible explanations of the
decrease of share of women borrowers and increase of cost per borrower. The
average loan size of all theseaarNGOs was quite significantly increasing
during the observed period. Strictly speaking, it has more than tripled, averaging
19% increase a year, in case of the FMM Bucaramanga, more than doubled,
averaging 13% annuall vy, i n mosa simed, o f t he
averaging 14% increase a year, in case of the WWB Cali. This is quite unique
development of NGOs because the other observed NGOs do not show such
radical increase of average loan. Therefore the combination of these three
indicators might redr to above explained cross subsidization which would
simply mean that the NGOs faced too high cost per borrower and tried to reach
relatively wealthier customefge. often male customers who on avergae prefer
higher loan sizejn order to be capable famcing the larger part of their client
portfolio - the poorer clients.

On the other hand, based on the critics of commercialization who claim
that the increasing average loan size also suggests presence of the mission drift
it could be also explained hiye shift from the original missioof the three
NGOs. The evidence for this argumentation may be seen in two traits of highly
commercialized MFIs which are fulfilled by the three NGOs. It is the much
higher average expense per borrower, represented lmpshger borrower and
the higher average loan size, both in compare to rest of the NGOs and other less

commercialized MFls.

3.4.3 Summary and conclusion of the second hypothesis

The second hypothesis was assuming that the commercialization might

cause decrease of women borrowers in the MFIs client portfolios. The overall
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trend in the share of women borrowers was decreasing during the observed
period. But when we took a closer lo@it the data, we found that highly
commercialized MFIs show a different trenalight increaseOn the contrary,

the less commercialized NGOs had decreasing trend in the share of women
borrowers. Therefore we have no reason to suspect the observed highly
commercialized MFIs of shifting from women customers. These findings
actually denies our hypotheses thus we tried to closer examine our data and
figure out what were the reason for this development, especially of the selected
NGOs development.

We have sacted two significant indicators, based on aimple
econometrical model, which should help us clarify the situation. These
indicators were yield on gross portfolio, which is basically the average interest
rate, and the cost per borrower. The first oneadsitively correlated with the
share of women borrowers. Moreover it had rather decreasing trend during the
observed period in case of all observed samples. Therefore we have no reason to
suspect the relation between this indicator and share of womesweorto be
the main cause of the overall decrease of share of women borrowers in case of
the observed NGOs. But the decreasing yield on gross portfolio may also
suggest that the NGOs were trying to attract relatively wealthier clients in order
to finance he original larger group of poorer clients, i.e. the explanation might
be the cross subsidization. Therefore we had not find any evidence suggesting
presence of the mission dnitst from inspecting the yield on gross portfolio

The second indicator wasost per borrower, which is negatively
correlated with the share of women borrowers. All observed MFIs, including the
two sub samples, had increasing cost per borrower between 2001 and 2009. This
increase was most substantial in case of the NGOs, partyculacase of three
of the observed NGOs. We considered two possible explanations of the
simultaneous increase of cost per borrower and slightlyedsitrg share of
women borrowers First one was similar as in case of the yield on gross
portfolio, i.e. coss subsidization. Second one was the mission drift because,
based on the arguments of the critics of the commercialization, the observed
NGOs fulfill two important traits of mission drift increasing average loan size
and expense per borrower, i.e. tlustcper borrower. But we have found rather

weak evidence to blame the cost per borrower alone fatdteztedecrease of
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share of women borrowers. Therefore the cross subsidization appears to be more
reasonable explanation.
To sum it up, we have not fodnsufficient evidence in our data to

confirm the second hypothesis. Therefore, based on our findings, we reject it.

3.5 Findings of the study

We assumed that the presence of mission drift is measurable by
increasing average loan size and decreasing shaveomin in MFIs client
portfolios. Our data revealed that the overall development of both indicators
showed this fAmission drifto behavior.
the commercializati on ma kpeofit orierted anMF | E s
whether it also means to shift from the poorest clients.

Closer examination of different types of the MFIs revealed that the
situation is not that unambiguous. Based on two subsamples we have selected
from our data, we found that the highly commercializedIsviéid not have
decreasing share of women borrowers in the observed period. Theveftiad
a serious objection to our second hypothesis which assumed that
commercialization may be crowding out the often poorer women borrowers.
Moreover, our data showeldt the lessammercialized NGOsn averageend
to decreasemumber of women in their client portfolio. But the explanation for
this decline is more probably the cross subsidization than the mission drift.
Therefore, based on our findings, we have rejeittececond hypothesis.

The development of average loan size was similar for all observed MFIs
during the observed period, i.e. on average stable increase. But the rest of the
findings, related to the first hypothesis, do not suggest clear proof of@abagd
the poorest cliestin order to achieve higher profits. The main finding from the
examination of thefirst hypothesis is that we have confirmed a different
behavior of the highly commercialized MFIs and the less commercialized MFls,
mainly NGOsand dso that we have observed stable increasing trend in the
average loan rather than confirmation of the mission. dfifterefore we did not

find enough evidence in our data to confirm the first hypothesis.
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To conclude it, our analysis did not provide suéfit evidence to claim
that we havaletecteda mission drift in case of at least some of the observed
MFIs. The main finding arethus the observed difference of behavior between
the highly and less commercialized MR8ad the overall increasing trend of
average loan
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Conclusion

Commercialization is definitely changing tebape omicrofinance. Many

MFIs decided to transform from ngmofit NGOs into regulated financial

intermediaries or similarly. Some of these transformed MFIs achieved significant
levels of profitability and proved themselves as reliable stably sustainable
institutions. The commercial investors noticed the change and started to fund

several of those MFIs. Besides that, commercialization helped to introduce other

commercial ways of fundintp the MFIs.

Thus tere is surely a positive effect of this development alows the
MFIs to extendheir outreach om larger pool ofpoor clientsMoreover it forces
sone of the MFIs to increase tihhemanagementffectiveness allowing these
MFIs to operate a bit more smoothlyast but not least the commercialization
enablel some of the MFI$o operate without substantial subsidies and therefore

made these MFIs much more independ&husthe commercialization helps to

fill the huge gap between supply and demand of financial services for the poor in

the lowincome countries-urthermore some of the researgwrggest that MFIs
should be able to get more finance from the capital markets.

But that is just one side of the coin. Many microfinance experts,

researchers and practitioners, headed by founder of the pioneering MFI, th

Grameen Bank, prof. Yunus, see commercialization ragéiseathreat than a
positive way to extend the outreadWe have seen that the choice of funding,
including the commercial funding increases with size and level of
commercialization of the MFIs.Thus there are many smaller and less
commercialized MFIs which typically do noéach the commercial ways until
they mature and get a bit more commercialized. Monetivere is a growing
suspicion that thecommercialized MFIs abandon their poorest chewhen
pursuing other, icommer ci athaa theirgraiadl s
mission to reduce the povertiye. mission drift Therefore we were interested in
truthfulness of this suspicion in this thesi® date, there was not done a lot of

research on the mission drjfso that ve tried to analyze it ourselves.

We formulatedtwo hypotheseseach concernig one measure of mission

drift which should indicate its presencéccording to the critics of the

85

such



commercialization, the presence of mission drift is measurable by increasing
average loan size and decreasing share of women in MFIs client portfolios.
Therefore we used these two indicators in our hypotheses.

Particularly, our first hypothesis assumedttihe more commercialized an
MFI is, the higher average &m it will have and the less extremely poor clients it
will want in its client portfolio.

The second hypotheses wassuming thathe more commercialized an
MFI is, the less women clients it whlave in its clienportfolio.

Our data revealed that the overall development of both indicators showed
t his Amissi o,n.e. dverallftrendls obiecheasing average loan and
decreasing share of women borrowdrserefore the main question was atier
the commercializati on ma k@dit otiented addF| Es be'l
whether it means to shift from the poorest clients

Our research did not find enough evidence for it. To be more specific, we
have rejected our second hypothesis and didindtsufficient proof to confirm
the first hypothesis.

Thus ourmain conclusion is that we have not confirmed presence of
mission drift in our dataNevertheless we have fod certain differences ithe
behavior of the highly commercialized and the lessmercialized MFISAmong
others that in the case of the highly commercialized MFIs on average did not
decrease theshare of women borrower hich denies our assumption that
commercialization has to be positively correlated with the share of women
borrowes.

To conclude it our analysis did not provide sufficient evidence to claim
that we haveletected thenission drift. Therefore the main findings of this thesis
are that we observed difference the behavior of the highly and less
commercialized MFIs andhat the average loan trended upward during the

observed period
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Annex

Annex 1: Output of the OLS model (First hypothesis)

Original model: OLS, using observations-1105 (n = 808)
(Missing or incomplete observations dropped:)297

Dependent variable:Average loarbdance

Adjustment: Heteroskedasticityobust standard errors, variant HC1

Coefficient  Std. Error t-ratio p-value
Constant 1392.14 475.618 2.9270 0.00352  ***
ROA 3559.61 884.37 4.0250 0.00006 ***
Yield on gross -2873.4 559.068 -5.1396 <0.00001 ***
portfolio
Number of active -7.86966e05 5.82281e05  -1.3515 0.17691
borrowers
Share of Women  -548.416 402.975 -1.3609 0.17392
borrowers
Cost per 5.39623 1.91241 2.8217 0.00490 ***
borrower
Mean dependent var 1264.85¢  S.D.dependent var 3024.08(
Sum squared resid 3.35e+0¢  S.E. of regression 2043.37¢
R-squared 0.54625¢  Adjusted R-squared 0.54342¢
F(5, 802) 40.1734.  P-value(F) 6.57e37
Log-likelihood -7302.35¢  Akaike criterion 14616.77
Schwarz criterion 14644.8¢  Hannan-Quinn 14627.5]
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Actual vs. fitted values
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Annex 2: Output of the OLS model (Second hypothesis)

Original model: OLS, using observations789 (n = 707)
(Missing or incompletebservations dropped: B2

Dependent variable Share olWomenborrowers

Adjustment: Heteroskedasticityobust standard errors, variant HC1

Coefficient  Std. Error t-ratio p-value
Const 0.446021 0.0218253 20.4360 <0.00001 ***
ROA -0.0198399 0.0978185  -0.2028 0.83933

Yield on gross 0.387999 0.0552569 7.0217 <0.00001 ***
portfolio

Cost per -0.00015639 3.26648€05  -4.7879 <0.00001 ***
borrower

Mean dependent var 0.53423°  S.D. dependent var 0.28627(
Sum squared resid 51.9160:  S.E. ofregression 0.271751
R-squared 0.10268°  Adjusted R-squared 0.09885¢
F(3, 703) 23.1042°  P-value(F) 2.84e14
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Log-likelihood -80.0584¢  Akaike criterion 168.116¢
Schwarz criterion 186.361( Hannan-Quinn 175.166]

Actual vs. fitted values
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